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Main Research Interests

= Artificial Intelligence and Data Science
Artificial intelligence and data science can build
predictive models for chemical processes, using
these models to monitor and analyze the processes
to identify optimal methods for improving efficiency
and reducing pollution. Our goal is to develop more
advanced Al models and data science technologies
to enable chemical processes to operate more
efficiently while minimizing environmental impact,
paving the way toward sustainable development.

= Data-Driven Optimization

Data-driven optimization is a technique that uses
data to find the optimal solution. In the field of
chemical engineering, it involves using process data
to determine the operating conditions that achieve
the highest efficiency and the lowest pollution. Our
team's goal is to develop low computational burden
and reliable mathematical optimization methods and
apply them in the chemical engineering and Al
fields.

= Stochastic Model Predictive Control

In chemical processes, there are often many
uncertainties, such as unknown chemical reactions
or fluctuations in feed flow. Stochastic model
predictive control is a method specifically designed
to handle these scenarios, capable of identifying the
optimal control strategy while ensuring safety and
feasibility. Our team's goal is to develop innovative,
user-friendly, computationally efficient, and reliable
stochastic model predictive control methods and
apply them to complex chemical processes.
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